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Dear Editor, 

Artificial intelligence (AI) has rapidly entered acute stroke care. Commercial platforms now detect large-
vessel occlusion (LVO) on CT angiography and immediately notify stroke teams. Randomized and real-
world data confirm that these tools reduce notification and thrombectomy initiation times, resulting in 
improved functional outcomes for patients (1,2). In spoke-and-hub networks, AI-assisted notification 
particularly strengthens equity of care by expediting transfers during nights and weekends (2). 

Alongside these benefits, one underrecognized concern is the potential deskilling of radiology trainees. 
Overreliance on automated alerts risks diminishing the very competencies that training should cultivate, 
which include visual pattern recognition, logical reasoning, and confident communication with clinicians. 
Survey-based studies suggest that while trainees appreciate AI’s efficiency, many are concerned about the 
erosion of independent judgment (3). 

A second challenge is algorithmic variability. The reported sensitivity and specificity for LVO detection 
range widely, from 85–95% for the anterior circulation to lower performance in posterior circulation or 
artifact-heavy studies (4,5). Such blind spots create a paradox: AI accelerates decisions in straightforward 
cases but risks missing diagnoses in the more complex ones, the very instances in which human expertise 
is indispensable. 

The solution is not to resist AI but to integrate it deliberately into radiology education. With thoughtful 
design, AI can both streamline workflow and strengthen training. We propose three practical steps: 

1. AI-enhanced teaching modules: Residency curricula should include structured sessions on AI 
fundamentals, limitations, and critical appraisal. For instance, case-based teaching where 20% of cases 
are AI-flagged and 80% require independent interpretation can balance efficiency with skill-building. 

2. Dual-read policy during rollout: For the first 12–18 months post-implementation, trainees should 
interpret CT angiography independently before reviewing AI output. Discrepancies should be logged to 
track both trainee learning curves and AI reliability. 
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3. Continuous audit and feedback: Institutions should perform monthly audits comparing AI performance 
with ground-truth adjudication. Cases of false negatives or false positives can be integrated into 
morbidity and mortality or case conferences to reinforce learning. 

Such an approach acknowledges both the transformative benefits of AI in stroke triage and its risks to 
training. By embedding AI into structured teaching and feedback loops, future radiologists can remain 
technologically adept while preserving diagnostic rigor. 
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